7 4 ( ) Vol. 7, No. 4
2008 7 China Economic Quarterly July, 2008
2005 ,
20%5
20 ) o
. o , (20
70 ) (20 90 ,
: (IDC) .
10% . ,
) 10 ’
s 5000 ot
2 556 100871; 13552086528, (010)52763480 E mail:

wuyuli@gsm. pku. edu. cn,

! ( )



1150 ( ) 7

(Tashiro, 2004),

, Mincer (1993) “ ” (skill-biased
technological change) , ,

b A

(Bartel and Lichtenberg, 1987; Doms, Dunne, and
Troske, 1997; Levy and Murnane, 1996), s

b b

, 2006 0.45, ,
Krueger (1993) s
1984 1989 ,
25%—30% . ’

, Krueger (1993) )
(omitted variable) o
(Handel, 1998; DiNardo and Pischke, 1997).
Krueger ,
(panel data) (fixed
effect model), Bell (1996) Krueger
. . Entorf and Kramarz (1997)
Entorf ez al. (1999) ,
Haisken and Schmidt (1999) )
1%,



4 N : 1151

b 9 o

(Dolton and Makepeace, 2004; Pabilonia and Zoghi,

2005), (NCDS) (WES) ,
, Krueger R
. . 22%
, IDC , 2001 1.75
, 5% . 70%
, ; 2000 5
20% , 2005 1900 .
. 2000 1% 27%.,
. , 50%.

.20 90

“2005




30%—40% ,

“ ”» ) “ ”»
b

” , Krueger (1993)
(CPS) , CPS )
, 2005 19 963 s 8133
40%,
20% ),
) (55%) (45%),
( )
8.7% s
Krueger (1993) CPS Zoghi and Pabilonia (2004)
) 50%7

’ 20%9



) 1153
50. 9% 55.0% 44.0%
49.1% 45.0% 37.4%
7.8% 1.7% 8.7%
62.5% 48.9% 31.7%
N 28.8% 47.8% 67.2%
N 0.8% 1.0% 82.6%
<18 0.1% 0 0
19—24 0.7% 0.9% 47.8%
25—39 32.3% 44.5% 55.7%
40—54 48.2% 51.1% 42.9%
55—65 11.9% 3.4% 11.6%
65 6.7% 0.1% 0.7%
31.5% 32.5% 42.1%
57.9% 56.8% 40. 6 %
10. 6% 10.7% 28.8%
2.8% 3.4% 52.1%
7.3% 6.5% 38.2%
8.3% 7.6% 39.6%
0.3% 0.1% 18.5%
27.9% 17.6% 27.2%
0.7% 0.5% 30.4%
29.6% 35.2% 51.4%
22.0% 29.0% 55.5%
1.0% 0.0% 39.0%
2.4% 2.4% 59. 8%
9. 4% 8. 4% 53.7%
47.8% 45.0% 56.5%
38.4% 41.7% 65.1%
2.0% 2.5% 75.1%
2005 .
1) “ U ”»
b
v D) 1) ’ 20730
, 20—24
7 30—50 ,
10%’ b



1154 ( ) 7

s 5 o
70 r
60 [
S 50t
=
REE
-l
B
e 20
10
20—24 25—29 30—34 35—39 40—44 45—49 50—54 55—59 60—65
ARl
1
2, (log )
“u , 40—55 ,
1.6 o 25—30 ,
Kruger . )
30—40 , o
b b
945 =470
94 460
& 93T 150 &
Z o5l =
< %3 140 R
= 925 =
& 130 2
[ 921 - =
& 915t — T #
9.1f —m— 110
905 1 1 1 1 1 1 1 1
20—24 25—29 30—34 35—39 40—44 45—49 50—54 55—59 60—65
GRS
2
30—34 , s s
Bogans (2002) 0
b b b
b o
( )
. b
6 000 o

(sample selection) (self selection)



1155

b o
(D)
Krueger (1993) ,
R . logWage;
o » X, t )
C; i , o
logWage, = o + X, + ¥C; +e.. [@D)
s V4
o b
b .
“ ”
AY
()
@)) ,
) 2 o
2 OLS
( =D 0.371 0.26 0. 209 0.209
(30.19) ** (21.09) ** (16.98) ** (11.69) **
C =D —0.298 —0. 295 —0.294
(25.62) (25.11) %~ (6.21) "
0.015 0.024 0.023
(2.62) " (3.45) (3.32) "
X /100 —0.0085 —0.02 —0.02
(—1.23) (2.45)* (2.27)~
0.3 0.283 0.284
(7.85) " (6.46) " (6.48) "
( . . . )7,



1156 ( ) 7
( )
N 0. 705 0. 647 0. 647
(18.03) ** (14.51) ¢ (11.27)
N 1.12 1. 045 1. 046
(15.25) ** (13.59) " (8.65) "
( =1 0.079 0.077
(5.63) " (3.43) "
« =D —0.146 —0.145
(3.22)° (2.48)°
« =D 0.106 0.107
(2.53)* (2.04)
« =D 0. 257 0. 256
(6.08) ** (4.39) **
=D 0. 344 0. 344
(5.52) ** (4,17)
Constant 9.19 8. 447 8.219 8.221
(1002.15) ** (66.68) ** (55.52) " (55.63) "
Observations 14 037 14 037 12722 12691
R-squared 0.06 0.19 0.21 0.21
t ’xx * -l% 5% “ ”
b b
44% (exp (0.371) —1) ;
’ ’ Y Y
) 22% , Krueger
(1993) °,
b b
’ o
b b b
s 30%,
, 2 .
b b b b
o b
b b b
o b b
> Krueger(1993) 1984 1989
25%—30% ., Zoghi and Pabilonia(2004)

16% 0



1157

’

”»

19.46%

(lower bound) ;

Do

(measurement error) ,

AR e LA R
X RLEAEE 5 B

50% .

ao
E1

i >8
L XNV}

20133
3285



1158 ( ) 7
b
2
b o
’ Y AY
, 2.5—3 , 1
b b
b b 3 o
3
0. 085 0.102 0.107 0.171 0.182 0.142
(3.54) " (3.49) " (7.67) " (3.00) ** (5.71) (8.46) "
2 —0.004 —0.007 —0.007 —0.016 —0.015 —0.012
(—1.37D) (—1.88) (4.52) " (2.26)" (3.25) " (6.10) **
=D —0.219 —0.132 —0.213 —0. 366 —0.379 —0. 268
(4.19) ¥~ (2.99) ** (4.03) ** (10.26) ** (13.40) ** (5.57)
0.027 0. 04 0. 054 0.019 0.025 0.029
(1.13) (1.79 (4.98) " (1.34) (0.94) (2.90) **
—0. 546 0.003 0.311 0.271 0.209 0.337
(—1.22) (0. 06) (1.02) (2.19* (2.3~ (4.35) "
N —0. 365 0.261 0.5 0. 505 0. 347 0. 637
(—0.84) (7.29) (1.59) (2.72) (4.57) " (7.04) "
N 0.226 0.572 0. 805 0.342 n/a 1.025
(0. 33) (9.88) " (2.52)" (3.01) " (7.79) **
( =1 0.115 0.05 0.142 —0.042 0. 057 0. 064
(1.46) (1.2 (4.92) " (—0.88) (2.12) " (1.92)
Constant 9. 556 8.415 7.901 9. 06 8.8 8. 437
(13.47)**  (16.11)**  (16.77)**  (33.29)*" (19.65) ** (38.21) "
Observations 706 1166 2320 1013 1366 7742
R-squared 0.14 0.14 0.14 0.11 0.14 0.19
L 1% 5% . .
. 5 s
3 ) )
, ; 10%
’ o ’
b
1 C 15%)
8%, ,

(fixed effect),

1



4 N : 1159

o b
’ Y
’ ’
“ ”»
. b
’ Y ’
b
’ o
“ ” “ ”»” “ ”» “ ”» “ ”»
b o b
b
b o
C
“ ”»
b
o Sanae (2004) Krueger ,
8
’ 2
, , Krueger
“ ”» “ »
b
. Krueger . “
”» “ ”
’ o
Sanae (2004) s , 21
25 o 4 o
4
=D 0.192 0.182 0.175
(15.78) ** (14.96) *~ (14.57) **
21 )
25 )
Observations 12691 12 654 12 646
R-squared 0. 25 0.25 0.27
! R * 1% r%
b b
’ 20% ) Sa’
nae (2004) s , Sanae s

8 (CPS) 1984 1989 . CPS 1993 ,1997 2003



1160 ( 7
“ ”»
b
b
o b b
“ ”
b o
()
“ ”»
b
b b A}
“
o b
”» “ ”»
b
“ ”
o b
Y b
“ ” “ ”» .
’ ’
’ ’
“ ” 5
5 “ »
0. 204 0.094 0. 084 0.239 0.022 0.091
(5.74) " (2.94) " (5.95) " (5.84) " (1. D (5.56) "
0.112 0.083 0.108 0. 14 0. 35 0.156
(3.02) "~ (1.53) (4.02) " (4.40) ** (10.07) ** (7.27)
2 —0.009 —0.005 —0.007 —0.008 —0.037 —0.012
(2.44) " (—0.7) (2.10) " (—1.65 (6.38) " (4.20) "
=D —0. 336 —0.076 —0.211 —0. 348 —0.497 —0.271
(2.97) (—1.37) (2.74)~ (6.49) ** (7.67) " (4.86) "
0. 004 0.019 0.016 —0.002 —0.004 0. 009
(—0.57) (5.07) ** (3.35) " (—0.48) (—1.05) (2.24)~
—1.014 —0.544 0.717 0.13 0.159 0.233
(2.40)* (3.13) "~ (4.51) " (1.33) (1.36) (2.53)~
R —0.585 —0.214 0.962 0.281 0.213 0.58
(—1.47) (—1.3) (7.31) (1. 96) (1.58) (7.62) "
0 0.214 1. 378 —0.063 0 1.013
) (1.22) (7.17) (—0.3) () (7.90) **
( =1 0.138 0.05 0.098 0.026 0.002 0. 055
(1.05) (0.9 (1. 64) (0.45) (0.04) (2.28)"
Constant 9.307 8.611 7.696 8.068 9. 684 8.414
(11.32)** (36.57) %% (30.87) %% (25.02) %% (30.69) ** (34.63) %"
Observations 240 464 1107 630 468 3391
R-squared 0.38 0.29 0.23 0.28 0.28 0. 24
, 1% 5% s

3.



4 . 1161
, R? 0. 24, R? 0.38, “
”»”
b
“ ”»
b b
> 0.2,
b b o
. b
) 16%.,
3 b b
40% .
“ ”»
b
“
b b b
”»
b b
11%—15% o ,
. o
(G
b b
b
o b b
b o
b N
b b b
“ ”»
’ ’
1, ,
o b
s 6 o
6
0.0001 0.0001 0.0001 0.0001 0.0001 0.0001
(1. 84) (2.98) ** (6.52) ** (1.97)* (7.47) "> (4.54)
0.038 0. 044 0.049 0.043 0.073 0.052
% (3.66) " (5.76) % (8.84) " (2.90) ** (6.25) " (8.96) %"
0.201 0. 154 0.124 0.434 —0.066 0.164
(3.60) " (3.93) " (4.53) " (3.31) " (0. 46) (5.55) "
Observations 701 1082 2307 1008 1360 7698
R-squared 0.17 0.17 0.2 0.17 0.14 0.22
too 1% 5% )

s 3. . .



1162 ( 7
) ( )
17. 8% (exp(0. 164) —1), ,
9 y s
54%, 22% , ;
13%.,
QD)
“ ” (treatment effect),
“ ” (sample-selection) . 7
o (treatment group)
(control group) , s N
, “ ) ” (average

treatment effect on the treated),

ables)

7 Rosenbaum and Rubin (1983)

b

pensity score method) ,

(matching on t

“

he propensity score) ,

(randomized experiment)

” “

’

”»

“

“ ”»

”»

(instrument vari-

(pro-

10

b



1163

Rosenbaum and Rubin (1983) ,

Pcusing, = o + X, +¢,

, Pcusing; “ ” 0—1 . a , X,
. . . . )
, Logit Probit .
Pcusing; P,,

logWage;, = a + P, + yPcusing, + éPcusing; (P, — 11,) + e,

., Pcusing; “ 7 0—1 s My P,
b
7
=D 0.216 0.213
(15.79) ** (15.60) **
0.533 0. 554
(12.20) ** (12.58)**
0.467 0. 469
(7.83) " (7.80) %"
8. 986 8.978
(444, 67) ** (441.10) **
14 336 14 336
R-squared 0.11 0.11
t L 1% N Logit
s Probit o Xi °
, 24% )
OLS ( 22% )
“ ”»
b b
Y
Krueger (1993)
b
25% ; .
Krueger

DiNardo and Pischke

b



1164

(1997 Krueger , ”

10%

[1]

[2]

[3]

[4]

[5]

25% , “

”»

s (panel data) (Iv)

b b
—20% , Krueger o
Krueger )
b
b b b
“ ”»
b
b
“ ”»
b b
N 5 ’ ’
Krueger , “ ” “

) ? ,
’ ; ; OLS

, , 20%

Autor, D., L. Katz, and A. Krueger, “Computing inequality: Have computers changed the labor
market ” Quarterly Journal of Economics, 1998, 113(4), 1169—1213.

Autor, D., F. Levy, and R. Murnane, “The Skill Content of Recent Technological Change: An
Empirical Exploration”, NBER Working Paper 8337, 2001.

Autor, D., F. Levy, and R. Murnane, “Upstairs, Downstairs: Computer-Skill Complementarity
and Computer-Labor Substitution on Two Floors of a Large Bank”, Industrial & Labor Relations
Review, 2002, 55(3), 432—447.

Bartel, A., and F. Lichtenberg. , “The Comparative Advantage of Educated Workers in Imple-
menting New Technology”, Review of Economics and Statistics, 1967, 69 (1), 1—11.

Bell, B., “Skill-Biased Technical Change and Wages: Evidence from a Longitudinal Data Set”,

Working Paper, Nuffield College, 1996.



N : 1165

(6]

(7]

[8]

9]

[10]

[11]

[12]

[13]

[14]

[15]

[16]

[17]

[18]

[19]

[20]

[21]

Blackburn, R., J. Jarman, and B. Brooks, “The Puzzle of Gender Segregation and Inequality: a
Cross-national Analysis”, European Sociological Review, 2000, 16(2):119—136.

Borgans, L., and Weel, B., “Do Older Workers Have More Trouble Using a Computer than
Younger Workers ” Research in Labor Economics, 2002, 21, 139—173.

DiNardo, J. , and J-S. Pischke, “The Returns to Computer Use Revisited: Have Pencils Changed
the Wage Structure Too ” Quarterly Journal of Economics, 1997, 112(1), 291—304.

Dolton. P., and G. Makepeace. “Computer Use and Earnings in Britain”. Economic Journal .
2004, 114(494), C117—C130.

Doms, M., T. Dunne, and K. Troske, “Workers, Wages, and Technology”, Quarterly Journal
of Economics, 1997, 112(1), 253—290.

Entorf, H., and F. Kramarz. ., “Does Unmeasured Ability Explain the Higher Wages of New
Technology Workers ” European Economic Review, 1997, 41(8), 1489—1510.

Entorf, H., M. Gollac, and F. Kramarz, “New Technologies, Wages, and Worker Selection”,
Journal of Labor Economics, 1999, 17(3), 464—491.

Handel, M. , “Computers and the Wage Structure”, Working Paper No. 285, The Jerome Levy E-
conomics Institute, 1998.

Krueger, A., “How Computers Have Changed the Wage Structure: Evidence from Microdata,
1984-—1989.” Quarterly Journal of Economics, 1993, 108(1), 33—60.

Levy. F.. and R. Murnane, 1996. “With What Skills Are Computers a Complement ” American
Economic Review, 1996, 86(2), 258—262.

Mincer, J. , “Human Capital, Technology, and the Wage Structure: What Do Time Series Show ”
in Mincer, J. , and M. Blaug (eds.) . Studiesin Human Capital ;. Collected Essays of Jacob Minc-
er. Aldershot, U. K. . Edward Elgar Publishing Inc. , 1993.

Pabilonia, S., and C. Zoghi, “Returning to the Returns to Computer Use”, Working Papers 377,
U. S. Bureau of Labor Statistics, 2005.

Rosenbaum, P., and D. Rubin, “The Central Role of the Propensity Score in Observational Stud-
ies for Causal Effects. ” Biometrika, 1983, 70(1), 41—55.

Tashiro, S., “The Diffusion of Computers and Wages in the U. S. : Occupation and Industry Anal-
ysis, 1984-—2001”, Unpublished Paper, Claremont Graduate University, 2003.

Valletta, R., “The Computer Evolution: Diffusion and Changing Returns in the U. S., 1984—
2001”7, Manuscript. Federal Reserve Bank of San Francisco, 2004.

Zoghi, C., and S. Pabilonia, “Which Workers Gain from Computer Use ” Working Paper No.

373, Bureau of Labor Statistics, 2004.



1166 ( ) 7

The Impact of IT on Labor Markets:
An Estimation of the Returns to Computer Uses

Yuyu CHEN Yurt Wu
(Peking University)

Abstract Does the prevalence of computer uses affect the labor market By using Chi-
nese Household Survey of 2005, this paper adopts the dummy variable and Propensity Score
Matching model to estimate wage returns on computer uses. The results show that regardless
of the heterogeneities of gender, age, education, occupation and sticky wage effects, wage
returns on computer uses are still no less than 20% . which verifies the importance of comput-
er popularization. We also show that government should promote the IT in service and manu-
facturing sectors where it is not so prevalent.
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